
In recent years, generative AI chatbots and large language models (LLMs) have rapidly transformed how people
seek health information online. Many users are moving away from traditional search engines to ask AI tools direct
health questions, expecting fast and authoritative answers. However, unlike carefully curated medical resources
such as those from The Cochrane Collaboration and the Cochrane Library, AI chatbots do not validate facts or
understand truth — they predict text based on patterns. This fundamental difference can lead to a dangerous
feedback loop that reinforces existing biases in health information, sometimes with serious consequences.

The Shift from Search Engines to AI Chatbots for Health Questions
Search engines like Google have traditionally been the default portals to health knowledge. When you enter a
query, search algorithms prioritize reliable, peer-reviewed content from trusted sources. Organizations such as The
Cochrane Collaboration play a vital role in this ecosystem by producing high-quality systematic reviews that
summarize the best available evidence on medical interventions and diagnostics. These curated resources are
indexed and discoverable, helping users navigate an overwhelming array of information.

Now, generative AI chatbots powered by LLMs offer a more conversational, rapid way to get answers. Users type
questions in natural language and receive coherent narratives instantly. This convenience encourages more people
to rely on these AI tools for health advice, often skipping the critical step of consulting verified sources like the
Cochrane Library.

But AI chatbots generate responses by predicting the next most probable word or sentence, not by fact-checking
against evidence. This difference is subtle but crucial: the chatbot's priority is fluency and plausibility, not accuracy
or truth.

Why Trust Is the Limiting Factor in Health Information

The shift towards AI chatbots highlights trust as the bottleneck in the information pathway. Users expect health
answers to be both easy to understand and reliable. While trusted organizations meticulously appraise and
synthesize research, AI tools treat all textual data as training fuel, regardless of quality or bias.

Trustworthy health information depends on transparency about uncertainties, harms, and limitations. In contrast,
AI outputs often present statements confidently without noting those nuances. This can give a misleading aura of
authority, which becomes especially problematic when users take AI-generated health advice at face value.

Large Language Models Predict Text — They Do Not Understand Truth
Understanding how LLMs operate is critical to grasping why biases persist and even amplify. These models are
trained on vast corpora of text scraped from the internet, books, and other digital content. Their learning objective
is to predict which word or phrase should come next given a prompt — they model linguistic patterns rather than
verifying factual correctness or source credibility.

This means:

Hallucinations are common: LLMs may generate plausible-sounding but invented facts or statistics.

Biases in training data get baked in: If certain viewpoints or errors appear frequently in the training data,
the model replicates them.

Invented citations and references: AI outputs sometimes include fake article titles or DOIs that don't
resolve, giving false impressions of backing evidence.



For example, an AI chatbot might confidently reference a non-existent nature bias study or claim that a specific
treatment is definitively superior, despite a lack of rigorous evidence. Such output can mislead patients and
clinicians alike.

How Feedback Loops Reinforce Bias in AI

The crux of the problem lies in circularity: the feedback loop. When AI chatbots consume existing biased or
inaccurate information and regurgitate it in widely read outputs, those outputs can become new source material
for future AI training datasets. This can entrench and amplify biases over time rather than correcting them.

Step Description Result 1 Biased/inaccurate health content exists online Distorted baseline for AI training data 2
LLMs learn and generate responses based on these data Outputs reflect and perpetuate bias or errors 3 Users
consume AI-generated health advice If accepted uncritically, misinformation spreads 4 New online content created
referencing AI outputs Cycle repeats, amplifying bias

Without rigorous intervention, such as grounding AI answers in validated sources like The Cochrane Library, these
loops will persist and worsen. The consequences include reinforcing stereotypes, fostering misplaced trust in non-
evidence-based treatments, and eroding public confidence in health guidance.



The Role of Trusted Evidence Syntheses from The Cochrane
Collaboration
Organizations like The Cochrane Collaboration exemplify how systematic, transparent, evidence-based approaches
can counterbalance misinformation and bias. By producing comprehensive systematic reviews that rigorously
assess the totality of evidence, The Cochrane Collaboration provides a trusted bulwark against bias.

However, these high-quality resources need to be more comprehensively integrated into AI frameworks to
prevent feedback loops. AI developers and health information specialists must collaborate to embed Cochrane's
evidence summaries and quality checks within LLMs and chatbot pipelines. This would enhance the accuracy and
trustworthiness of AI health answers and help break the cycle of misinformation amplification.

Best Practices Moving Forward

1. Prioritize transparency: AI tools should clearly communicate the uncertainty and limits of their outputs.

2. Incorporate trusted evidence: Embed verified systematic reviews and guidelines, e.g. from The Cochrane
Library, into AI training and answer validation.

3. Detect and flag hallucinations: Develop algorithms to identify when AI outputs invent facts or references,
alerting users accordingly.

4. Promote health literacy: Educate users to critically appraise AI health advice and verify against authoritative
sources.

5. Establish continuous monitoring: Track AI outputs for bias patterns and periodically retrain models to
reduce misinformation.

Conclusion: What Would Change Your Mind?
It’s easy to be dazzled by AI’s fluency and speed when answering health questions, but does that equate to
trustworthy knowledge? The presence of hallucinated facts, invented citations, and the propensity of LLMs to
amplify biases should urge caution. Trusted organizations like The Cochrane plain language summaries
Collaboration have spent decades generating evidence syntheses precisely to avoid this kind of misinformation
feedback loop.

What would change your mind about AI’s growing role in health advice? probably robust integration with verified
evidence sources, transparent uncertainty communication, and demonstrable reductions in hallucinations could tip
the balance.

Until then, users and healthcare professionals alike must remain vigilant, recognizing that AI chatbots predict text
—they do not guarantee truth.

https://www.cochrane.org/about-us/news/why-evidence-synthesis-matters-age-ai

